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Study on Extraction Method of Wheat-Maize Rotation System Based on Time Series Characteristics
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Abstract
Based on the collection of sample points and GEE platform, we analyzed the NDVI, EVI and other index time series features of ground ob-

(1. Taian Natural Resources and Planning Bureau of Shandong Province, Taian, Shandong
[ Objective ] Tt is important to study the area and distribution of cultivated land under wheat and maize rotation system. [ Method ]

jects, developed feature recognition algorithm to extract the 2018 wheat-maize rotation area distribution, and conducted precision analysis with
the supervised classification results of CART algorithm. [ Result] Compared with the multi-spectral supervised classification, the accuracy, F1
Score and Kappa coefficient of the time-series feature recognition algorithm were improved by 0. 121, 0. 110, 0. 136 and 0. 246, respectively.
[ Conclusion ] The feature recognition algorithm based on time series features could effectively identify wheat-maize rotation area, and the algo-

rithm could provide basic data support for agricultural production in rotation area.
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Table 1 Statistics of sample points and verification points
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Table 2 Confusion matrix based on multispectral with two class
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Table 3 Confusion matrix extracted based on multi-spectral classification
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Table 4 Confusion matrix based on time series feature with two class
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