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Abstract
ogy was proposed to achieve non-destructive detection. [ Method ] The original spectral data was preprocessed through the method of SG-SNV
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[ Objective | In order to quickly and accurately detect the total number of mold colonies in stored rice, hyperspectral image technol-

detrending for purpose of removing the baseline scattering and smoothing spectral curves. Then the combination of feature wavelengths reflec-
ting the mold characteristics was selected by SPA and CARS, respectively. On the basis of feature data and full spectral data, the prediction
models of mold colonies in stored rice samples were established through SVR method, and the prediction results of models would be compared
and analyzed. [ Result] The effect of CARS-SVR model was better than that of SVR model and SPA-SVR model. The R; and RMSEP of predic-
tion set was 0. 875 9 and 0. 083 5. In order to improve the accuracy of CARS-SVR model, GWO algorithm was adopted to optimize ¢ and g pa-
rameters in model, after that, the R’ and R’ were improved to 0.962 1 and 0. 951 1. [ Conclusion ] Hyperspectral imaging technology is feasi-
ble for non-destructive detection of the total number of mold colonies in stored rice, providing a promising tool for mold detection of other agri-

cultural products.
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Table 1 Statistical values of mold colonies number in rice samples
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Sample set Count Mean Minimum  Maximum
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Fig.1 Spectral curves before (a) and after pretreatment(b)
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Fig.3 The process of selecting characteristic wavelengths in CARS
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Table 2 Index comparison of SVR models
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