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Sequence and Functional Annotations-based Prediction of Protein-protein Interactions

CHEN Xia' ,CHEN Hao-wen’" (1. Changsha Aeronautical Vocational and Technical College ,Changsha, Hunan410124; 2. School of Informa-
tion Science and Engineering, Hunan University , Changsha , Hunan 410082 )

Abstract Protein protein interaction (PPI) is the basis of most cellular processes and biological functions. This paper first proposed the method
of binding proteins by protein functional annotation method (FNM) for the first time. And then,three methods of combining the characteristics of
protein sequences and the function of FNM were established. Prediction of protein-protein interaction network is a necessary prerequisite for under-

standing the function of proteins,which is the basis and key to understand the formation of cell metabolism and complex diseases.
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