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The Application of Big Data Mining in Food Safety Alert Field

WANG Ya-jie, YANG Bing, LUO Yan, TAN Hong" et al ( Guizhou Academy of Testing and Analysis, Guiyang, Guizhou 550002 )
Abstract Comprehensive evaluation and alert in food safety is very important and difficult. This essay mainly focuses on introducing the ap-
plication of big data mining in food safety alert field. At first, the concept of big data miming and three big data methods( Bayesian network ,
Decision tree, BP neural network) were analyzed. At the same time, the application status of these three big data miming methods in food
safety areas were discussed. Then these big data miming methods were compared, and how to apply BP neural network into food safety risk a-

lert was proposed.
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